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1. &R
1.1.  FRE SR

AR ERE (Knowledge Graph) LAS5 4K TR 2Ud b 2 W0 thE S A2 . Sz ik Je F 2 TR) 1)
KER, BHERMKEBREBEEENR NG ARTEA, R4 7 M A 2, EHM
H i ELER MBS B BE T . FIIR B g BLERMTE R AR TiE . R AR RE 1 2
TN IR KRBT, ELA RO LI I RN IR IR S R e FH R R it T

FR BRSO R IE R R B LM AR, B a AR E . JiRRoR SR (5
BRR S, BAE S L SE L Web, B2 SHL 827 XTTT, A LEREE
SR FUU AR TARE MW FU vl . RS T 2012 88 i 4 k52 H OF s Zh S 48 2 51 2,
e ST R A R AR — > 2R T4 S

1.1.1. SR B R &

1994 SERREHAE . AR TN EH FARGMES B RR TR E L——RFiRE
BB T EEAHL R GE AT 58 R A R 58 SURE KA RESE U R I 55« AE KBRS A, FIR AR
REMRBE b E B EE B a3 BURIR, B TR RS,  DLER A E R RE RN R IR 55 o
KRB X REMR 5 IR, D WA RIS S, FA oy B AR ik ss . &ATH
SN AR TR K EEE A e SORNR, (R £ & (Smart Data), 58 B EE 245
SRR, AR RN KA AR, T SEHIN KEEE (R 5 SRALH 7 o0 O e ) 25
T ONPREIRBSRR . St PRI AE B AR . AR EIELE T R 2T B R B R
F 52 FH £

o FIHERE: H7 E I O EE B A AR A IR A, 8 I AR B R AT DO X e A s
PURBATIE PRy E AN RS, 57 PUBRNR A A0 i B YRS SR IR %5 5

o B SCHEEAMERE: ANRERE R DR S RN OS], B A AR ] A
HA WSSk, MREREREREWHEHP T RMNEHHEENRE, AR
RIS

o HEBMIIERG: T HIRMINE RSB MR EREE B — N R R A, i
FAKE P 1) A Al e AR R G A A, BRI B P o0 ) B A R

o RBUEEHTE RS FRR R E I TS SRR T DL B B AR R, SRAS R R
%, RALRFSF

LRI ERR RSN EZ UM R A




o SEAR: SRR EAATIXOHE BRI AFAE SR S AN R T B
—HRE . SRR AR T BRI AR, BEAR SR . SeAR R RIRIE
W RIEATTR, AFRKSERRGAEA R KR,

o BEE: RAFRMEERSAEMBRIES, WEX. RIE. B8, BKsE.
o EtE: HTXABESRRE, ANRBSEA AFEKENE . A F F R AR SR N T

TR SR i 1R 32 o G SR e AR L PR M A BT, ) Jo AP 3 7 A S A 22 T
KF, MR RIENE; QRS PR B AR R EUE, IRy Ed a1

1.1.2. FHR B 4K
BRI A2 AR %, AT DU I BRI . R AR . TR Sk,
R P R 4 A TR TE 3 ) o T R s ATk R

o B RIREE 3 R0 R T DAE R A T 1) 3 AU SR A R
FOAREE”, HA A TRE MBS A R RNR, B .

o R AECRIR BT AT R PR SO AT b R R P 1 i R TR P O T R
—AFPE U, AIE A R TR R AT ML RIRE 7

HAh gy KT AT — —FEIk.

1.2. FRIERREHE

6] Jo 0 IR AR PO 4R 2 sk R B AR, 48 AR TAR sk i AR AN R R g, m] LUK iR
TR AR EMER B, RTAR TREN . R KRG, J4EM 1.0 i3, BEAZE A
I AR iR B 3, 1 B .
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®  1950-1970 Ry 3. P R WAt — 20 1 R v A= iy 3

NTEREEEILILERES BN —FEAR R 2 % A, B RO I B2 T Bl X —
B BEEEA AT 759 SONESS X 3. 775 ESONNWETT 5 R G2 B AT NI 2
ST, LS SUMNRIN (e oo e ER LD 22— VI el sh i skat . X BLAA
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AEEVER) TAE W e R AR (GPS): Hin @k T A Rk, MR, M8y
IR, SEE N BRI B HFRRAS o Forh die sl B FH 2 T 288 FIAL S 8 B 46 . X —
I AR R 7 VR B B AR AR R R . AU L 1E U5 . 1K — AR N TR RE AN
HIR TFE 50K Minsky, Meccarthy A1 Newell LA Simon PUA7 2235 BUAAMA TR BAIAL. N T4
REVE & AE H 1) KA AN T A8 5 77 T AN AR 7 53845 1 1969 4 1971 4. 1975 4
IR R,

®  1970-1990 I #: X RGN LREES R B

3 FFY I RS Ao o ) FE N 80 SRR 1) 838 ) B 0 3 ST e AR 48, T 22 7 R AEURS 8 BE A S
i N TR ReME LLEESEPR L R R HEAE R . 70 4EJF 4G, AN TR ReTTUh s m) g 7 5 T AR &R
G, WL “RIRPEHEFAL” SIS B, X — I VR I AR 22 B B PR E SRR K R G
ar MYCIN EJT Wi K R4, WRIIr T 45 DENRAL &5 R 48 BL T SEHL S 2 W
XCON HHR R G5, HriHts N TR RS E 5L N Feigenbaum 4% AE 1980 4F 1) — I
H##45 (Knowledge Engineering: The Applied Side of Artificial Intelligence) H#2 Hi %111 T2
FORES, ABEAR S 1 AR TARAE N T B Hh A% 0o MU o T — I YR TR SRR 7 VA A B B gt
EFFHEZE R AL . 80 FAJS Il TIRZ B X RGWIT V-6, A LLH Bkt % 50 i 4k
KR AR BT SEAL AT PLAR B 0 iR

® 1990-2000 I 8. 7 4EM

£ 1990 4EF 2000 45, B 7 AR 2 N TR s R FUBEAN A , B4 )02 b H 9 95 5C WordNet,
K — Wi 125 AR R R 1) Cye B RETREE, LA SCH) HowNet. Web 1.0 J5 4EM )77
A NATRBE T —ANTFBCE &, H HTML 8 SOUAR I N 2%, T8I Bt SOREHE R R,
AR AT DAL A5 B . W3C R AT R ARICIE S XML, SEIUX FLIPE I SRS P 25 1 45 44
I E ARREEATARIC, N EIRNIREE T KRR AR R AL 2885 1 Sl 3 — I S
WETRIE T ISR T AR FIR R R T7

®  2000-2006 I . FERE RE

£ 2001 4, JI4ERIR N 2016 F KR 2235154 Tim Berners-Lee fEFM 3£ E A& E
H R I8 3 (The Semantic Web) TEZUH2 H 15 L Web IR, B X HLIKP A 25 2047 4514
At URTR, R AR IR B I P 25 FR)E SCEE ), i ) I DR AT 1R SRR R4S 31 I TS
fEE, MIMIRAF M TN 2 1038 E B, A ANNIHLES Refg S b R THE. W3C it —B i
Ji4EM il FRIRIE S RDF CRERRIESD) A OWL (T4 AARRIE T ) SR 74
W A 25 T SO AR IR BTG

3 LEP B R B A A5 0 TR AN s AT IR A R O TCRN AR, A F A S SRR A 70 AT R 7 RE R
o FREFKRGE RGN ERE RN, BT CASE BRI R 1A B, mT DAl o
SR 7 A B 22 K R T AR 5 4 e 5 A AR XA AR I TR BE, A S B RO AR A
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REAETE TR, b R EEILER, KRBT TR AR SRR TR, RO A R
TR 5 A6 A T TR P P 2 LA

® 2006 A R EE—HIR TREH KSR ]

CRIREUR IR, B YRR A B R A N RERE Dy B RE N SR A B 70 I B ES RT ER AR R T A
FIRIE X — I I H AR A\ 2006 ETT4R, RAURBIZERE 71 RHE & S5 0 R UR B2 U5 L LR A
25 AALAE BRI L B0, AR RS AR U S T EORiEE . 5 Cye. WordNet
A1 HowNet 45T Al (1) %018 BEAUAAR I TGRS H ANE], X — I A0 iR SRS B 3k,
I BAEM B T ia AT . a1 B S @ AR PE CBONIE LR . REEE . BReHEE A
KPR A B SRR B, AR R BUAT M A e IEAE AT B AT . ST B AT R A AU
Freebase J57F 2012 F4E H A1 E 1 (Knowledge Graph), Facebook [ 4% 2, Microsoft
Satori LASZ RV xRl A ARl SR IR E AR o R E AR TR R RIS A 5% R TR R )
T /£ 835 DBpedia- Freebase. KnowlItAll. WikiTaxonomy 1 YAGO, LA f BabelNet. ConceptNet.
DeepDive. NELL. Probase. Wikidata. XLORE. Zhishi.me. CNDBpedia %, X%t %11 &
H1E RDF i, Q88T /iR Sk, ULAE G A G F s (R
PEAE AN S FA SEAR I DG R D, I HAX S8 SEARM A 23U il T b 5 10 H i SR B IR 2 WL HE 5 1R Al
wE R

A K0T B ) A R AL IR DL, B 1 38 T K R R R, AT L e i AT b AT
AT RIAR B 2 AR PR AN AR AR TE SR B R G S IR KA TE o DA
LBRERIRIR S, R R M. mL eSS B SUARBL I Tz i S R B, 10 5 22 1R
P 1) 15T L FH A A5 T K

FEFR E RR TRESURBT T, PR RS Ra 8 e L T ST BRI T A A A
KR TRERE 7T 523 o B R R0 AR CRERIE FEM N A RE R0 1 5%t ok, ke e £ IRIE 1R
TR T RR A B AR5 T AE A RGBS PE AR, DLURAE KRR G 1 T 81 1 5T

Wk, SRERE JE RN TR B 27



1.3. FiREREH AR E g

FATHRHE Fn R AR A= i J B &N B SGBEEOR . I AMiner HH 30 4F SR 3 P i 4 ek
HI R K2 AR S, 3288 T B HE AR R IR (knowledge representation) K1 FEEL (knowledge
acquisition) HIRHEFE (knowledge reasoning) HITREERL (knowledge integration) FIKEITHAF
fiti (knowledge storage) 55 AHIC BRI R A BRIFIRI ZARW TL . BLAL, 256 AR EE
AR, Ak L BB RIS R N =R E S S, B AR R AL B 75 T

1. fEHBERESOEEAR, SSRGS 8], Jik, 456 R aR E
T, R SC 43 BC 2 AH N A

2. RIE RIS SRR AT RIS, TG SCECE AR N AR I T

3. AN SR R A E R SR R A SR g, Wt T S EE ER, BRE AR BE S

T E B2 = AR B R AT AL R R, PR v DA S AR R B, B R
https://www.aminer.cn/data HH B % F R IGEE . £ T B3 0 M ARFNS SCRER R R T,
PR ] DLt — 20 5838, WOWIEE HLPEFR 1B, FRATT S AR 4 AR 4 52 35 1) s i s T s 3 o

E: B CO7 M RERR KRR, WA O MBI RR AL LTI AIR AR,



© gene expression data
© life science
© open government data
— © education
© sdentific domain
- © health care
—© biomedical domain
© computational biology
© disaster manage ment
© electric commerce

<appliations _in>-0—i E

© relational database

~—0 wireless networks

——© multimedia
- © heterogeneous data source
= ——0 heterogeneous database
— © xml database

o information sources

© big data

o distributed databases

© world wide web

—o web resource
© sodial networks

<using_information_sources> O

o intelligent systems
© expert system
[ -0 knowledge sharing
© knowledege reuse
- intelligent assistant
/ © human robot interaction
{ © question answering system
© semantic search
‘© automomous agent
© automomous systems
© multi agnet systems
© multiagent systems
= = © recommender systems
y - E © adaptive systems
X F © dedision maker
© decision models
\ © decision support system
f - © knowledge management systems
N © knowledge management
© RDF repository
-© knowledge base
© knowledge based system
© computational inteligence
~0 better understanding

© predictive model
-© graphical user interface
-© situation awvare
p o domain experts
Knowledge Engineering o":\ -@ transfer learning
/ -© human computer interaction
o reinforcement learning
© bootstrapping method
© text mining
O text anaylsis
© data integrity
-© explanation based learning
-© graph theroy
© semantic analysis
—0 semantic computing
0 semantic relateness
‘0 semantic similarity
© information retrieval
© machine learning
© genetic algorithm
© decission tree
© human interaction
© data management
o decision models
—o sodal network analysis
© markov chains
© service oriented architecture
© statistical model
© support vector machine
© human centered computing
\ © feature selection
\ LN —o0 feature space
| \ © feature extraction
© design methodology
© quality management
© data mining
\ © datavisualization
\ AN © clistering algorithms
3 O clustering
o information processing
© pattern recognition
© unified modeling language

<using_techniques> 0~

" © sodal machine
-© information processing
\ - © natural language processing
<multidiscipline_of> o L © computer science
\ : ) -© artificial intelligence
——0 semantic web
—oO cognitive science

© information science
—— — © web science
Kind Bf O ————— .
e © semantic (web) technology
© knowledge technology



rule learning

inference rule

relational learning
semantic relation learning
relation extraction

event extraction

event identificaton

event detection

attribute value taxonomy

concept learning

(o]

knowledge acquisition o= < SAnCEpt farmetion
© concept clustering
© taxonmy induction
© semantic annotation
© entity disambiguation
© entity recognition
© entity resolution
© information extraction
© knowledge building
© knowledge constrcution
© knowledge capture

© knwolege extraction

© ontology versioning
© ontology evolution
© ontology extraction
© collabrative ontology development
© ontology development
Knowledge Engineering o ° omulog_y‘ shainesiing . .
© collabrative ontology engineering
©owl 2
© semantic web rule language
© web ontology lanuage
© ontology language
© resource description framework
© domain specific language
© dynamic logic
© temporal logic
© dedision rule
© formal logic
© fuzzy systems
© fuzzy logic
© frame based system
© logic programming
© first order logic
© semantic workflow
knowledge representation O-','.‘ 2 Objef:t enented
© heuristic rule
© rule based system
© rule based
© fuzzy sets
© concept map
© rough set theroy
© rough set
© ontology
© semantic network
© domain knowledge
© background knowledge
© web of data
© world knowledge
© commonsense knowledge
© formal semantics
© formal meaning prepresentation
© formal specification
© structured data
© knowledge model
© semantic model
© conceptual moedel
© concept model|
© concept modelling

© data model



Knowledge Engineering ©

knowledge storage ©

knowledge integrationo

knowledge reasoning ©

2 Knowledge Graph #1iR &3

© data partitioning

© graph partitioning
© subgraph matching
© distributed query
© query rewrite

© graph query

© RDF query

© conjunctive quries
© query language

© exhaustive indexing
© graph database

© RDF storge

© RDF database

© triple store

© thesaurus alignment

© record linkage

© date interlinking

© date linking

© instance matching

© matching function

‘@ schema matching

© schema mapping

© antology matching

© ontology alignment

© ontology mapping

© ontology interoperablity
© heterogencous ontology
© inconsistent ontology
© data fusion

© semantic integration

© knowledge fusion

© defult reasoning

© abductive reasoning

© temporal reasoning

© spatial reasoning

© nonmonotonic reasoning
© causual models

© uncertainty reasoning
© semantic interpretation
© knowledge verification
© inference mechanisms
© logical implication

© case based reasoning
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2. BEARANT R

FIAR BRSSO RIR G @ LA B, 25 P UE B2 2B F SRIRTES
TR RATHY CRIR B A RS 2018 SRR, A TR FIHREE SR 2 N FIHRR R S @8 Al
RIRH. KRR SRR B E AR o SRR M A EOR . £ KRB BT, ME BN
TFRCA BT R B 3R R0R, IR SE R R SR B RE AR 95 IR WY /AT oMk, ) s e i T35k o T
PIER1S 2 AR . X2 — SR B sRd R, AT DASCEL B R A5 B I 55 21 RESRNR
JIR 55 KR -

ARG HAE AMiner 5T G5 8, X AIREESURE 5 A0 AT R, E g
A2 U FL 3 OB T 07 [ SRR ST, BT Pk AR At iR B w4
AR BB HTHARE, RIS T A BURALOS . =R il S50 1R B S AR O R LA A 4
AT EE RN N ) R AR E B T TR R )1 v AN 1T 5 o | A A R D e N e [ 22 P S
SR RTITBOR 5 R RS .

R 1 R ANREIE UK 10 M E B E PR ARSI, X2 U0 RR B U it 7t
i EREHEEENFRRIRHEIGEE, ARG T E R K.
#* 1 MIREESERRF R WTIR

S ULTRIFR AR
ACL Association of Computational Linguistics
EMNLP Empirical Methods in Natural Language Processing
WwWw International World Wide Web Conference
ISWC International Semantic Web Conference
IJCAI International Joint Conference on Artificial Intelligence
AAAI National Conference of the American Association for Artificial Intelligence
COLING International Conference on Computational Linguistics
KR International Conference on Principles of KR & Reasoning
KDD ACM International Conference on Knowledge Discovery and Data Mining
CIKM ACM International Conference on Information and Knowledge Management

3 JRANHI AR AR BTG 5 A4 2 U A0 7T 2 F OS2 : AMiner WAL 10
FER 1 NI E RSB RIR BT SUSRAR < 18 SRy adeits, 7217 5 40 73 Uk o< B 1Al
JE AR S B HEAT 0 0 WU ST — kT, e, IR SCORREE 5 TR & [ X
e B B A R A E IR B

BERWAR S WP PaZESs | > PR HE5E

E 3 MR EE M S SuEF HiEBUREE




B YR, B E B R S POR SO RAGE B B TR 1 — M Ebs, B S R
AR, MERAEN, YOLFRIE. 350, N Tk 7S 4, fERET 243 1 € ik
BAET PR, 1) AR 5 DR ST A R, HE S E A RE RS A
U A R, BATDORFE R R U, HAB SIS E E R 2) fEF SN,
MW AN AT RER TR 2 2 Jn 4 22, BANTDUERFE I A — A 4

2.1. HHRFREBEME

2.1.1. FRRRIRAY

IR 7R TSI T 57 f) 8 R S TR K BT SEL T A7 i A T SR P 5 4 o L85 0 0 B 4
RERFIR, R EIRARA BESE M B IER ARG . A 1.2 WENMHAIR TRK R
IR E I WA T AR SRR BRI, REGTLV A=A B 1D BT 77 5 kT
NRFORAHERE, FEASEEHERE (—priiE . #WiRE8) . P AERRRIEER R
. ARG NEIERE S WL, REFERHN MR R % 2) EE
SIS, T 4EM A B AR R R BORIZ WS, A FGHE T AR I L 251 BARE 5
XML 3T 5 4E 9 5 55 SOTCEE A HESS RDE A T 1538318 45 (0 AR 58115 5 OWL 4,
ST HE B 25 B AR AL BR A5 S5 B RINAE T 4R b RO T RE, 24 HITE ok SRR S 1 2
Y3 RDF = e MR R Tk 3) A H AR IE 5 A ER A R 7] 2 %5k A\ (Embedding)
ARFBH I, R A ELE ) & 07 200k R 78 F1 IR 8T 5T (TransE #1148, SME. . SLM,NTN,
MLP, LA NAM 48 P 5 R S5 ) TEAEIZM R 5 Bk DLAT 538 iy FE Al AR R s 07 1R A0
RE, BN BRSO R B S i i SR E B, AR EHR A B E RN — R
RS s AR B A B RS IREMEM KA, FARARMEEHEMERIZIE, W
Kl 4 Bros.

ST 3 A S M B 5 ) Wi ) SR AR

RDF, OWL, &#Rule Language® Tensor, &MEmbedding, MEMERTE

LR, MBEOE, BTHRE. BETEIR BN, B2EUR. FTERE. HiENERE

B 4 ETEMMASHMARTESETEERENMIART

T A N TR B, AR B I AR T [ B 1 RS IR AMY BE S DL = Ju 4 D9 L1
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(385 A ] B0 ST FH R R R R 7R T 15306 A IR AT JRE PR 225K, S RE RS A D9 KBt 0 i R e i) L 22
Hyn L ndi, O IXLLBAE TIN5 T 5 IR L.

2.1.2. HRFBRES]

Bt LR E 2 2] 9 AR K 3 7 2 T 1R A Jee T 1 2R R P v S A 56 3 1) 37 2 ST L B
19 7 E B o RIRR IR 5 SR SEAR I 26 2R 3R s DB IR 4 1) B S B 17 % AR AN 52 &
oA R TG0 BRCR R0 PR T 3 S 0 00 R0 k4 1 B 25 7 bl T R R 2 2 B
BERTHT R, AREMESEMG, SEIR S SR A IEA BT SeU R &, Bt
FOAREFR A L HEBEATN R BB 3, AR R RTE . IRABE T

FIARFRIR 2 SRR MW T AL, WETCH S 1 2 Mo, 2 TR 8 o (1 SR AT 2%
RINFIR . AAEN AR TT %

(1) BRFERREH

T, Bordes &5 A 52 3| in] ) & 73 (8] T )i 15 5 00k K RAEA B PR A LR
IER, $#-ET TransE AL, X —BALKRIR R 8 RE VR SR I M- R &, 18
KA FDR B AR B 5. ANid B TransE BAS T 8, S8R AL AR 3 (1) &2 44
KA HEREILI, R TransE BEAIEALEE 1-N. N-1y N-N & J: < KRR, B 702
BHGRIR Tk — DNRARIEAF R R A ANFE RS IR S RITA A FITE LA 0 )
TransH 5 AUHI TransR FEAY, DL BT 0T 5 Aoft A5 2 v 4 o 2 00k 22 1) 8P O B AR AL 1)
TransD #8UH1 TranSparse #i41. th4h, BT EF LRI T FIH =70 A0 R K s FHEPE H 1)
AR S AR, A] DLE SRR R o 25 8 SR NI 56 3 A B 1 S B AN 52 VE Y TransG A3 KG2E
B, FEMREIE SRS LSRR Y], RXETTEE TransE A 2 W RERTE, Wik 11X
LSBT R

(2) RARBEEM

FERREE T, 216 R RE 08 S B SR 2 [ TG UK R e 9 1 KRB TransE 55
B PRL  RA = n A B R R, Lin 58 AN 52 5 B OC RERAR KR 21777, LA TransE
YE N e dikhili, $2H Path-based TransE (PTransE) B84, JU-F-[FAIW}, AT 5T FBALE AR
IR SRR I LR T Ok R IR I @A . PTransE 268 7EHUSEIG R, % 1858 REKZREDS M)
RIZTHFIRF IR I IX 31, SRR BB A 2S5 55 B gtERE . X RERAS B TAEAL
NI, A28 R AT T SEPETHEL LT85 SO & B AR 55 07 TS A 1R 2 A0 B0 25 5 TAE 5 258 B

2.1.3. MIRRTNEREANT N4

1% B knowledge representation. knowledge modeling. production system. knowledge

representation learning . frame language . script representation. knowledge distributed representation
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AR TR SCAR T 23 W LTS 5y 4 L 5 R 55

Ralph Grishman )5 5| F& SC “ A maximum entropy approach to named entity recognition”
AT PGt a4 ek (B “LAH LR I RS, FRA “MENE”. fit 44 5Kk (NE)
Wl —ME BRIUER, Kocith A i R N AL AES JHIL pE, 2R
MHME . A teE “BLEAA R 7 X EIRNE R G, HLas®iiee. SOrr B3 &R 51 U AE

B A 2% 1) A ) R Al B A e ) R

o JHRHM

EE® (Guodong Zhou)
B w0 Peass| B2 B | B |

= Professor

T Natural Language Processing Lab,Soochow University

Nature Language Processing Semantic Role Labeling Support Vector Machine Hidden Markov Model Coreference Resolution

Tree Kernel Chinese Information Processing Sentiment Classification

laa Research Interests

@ Nature Language Processing Semantic Role Labeling
@ Support Vector Machine Hidden Markov Model
@ Tree Kernel
1988 1990 1995 2000 2005 2010 2017

J MR, TR R 220 AR A S R A B R IS 2, TR M RS2 HARE 5 A P Se a8 = 01
N PEATLE RS2 HARE S BB LR LM CCF PUERBEAR LR R EELRM.
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JE E R RO 0 5 AR TR S A0 . AR, (5 B HEL B KRR AL SR T 1),
FEHRTERE TE KRR E , AL E BRI T (Computational Linguistics) 7% & 4w Zs,
NSFC {5 BEF VP& KUK 2 E A M E R EM S WP E MR R 2T R T4RIE
ACL. COLING. I1JCAI %5 [H FrIiZR s WK FAH R LIRS 80 %, JI3k43 IEEE 21\
ACM &1, ACL & L% 2 Ii5%,

JE IR i 51 8 SCA: 2002 4E7E ACL KRR “ Named entity recognition using an HMM-
based chunk tagger” & 7 —Fhla B /RFIRAE AR —Fh B Tz B bR 28, A i ar
TN SRR R G TR F A AR IR S R @ X AR R SR % R A
BB DRSS 1 P ES A S ERAUE S , AT A 250 A e NER [ @, 5 T-1% R 484 MUC-6 1 MUC-
7 9E1E NE AR 55 1) R Ge it 20 5135 31 96.6 % A1 94.1 % , PERE W] B AR TAE T HABHLES 232 5T R4

o

i
i

.

HEEE (Xuanjing Huang)
T 25 | [l ess| B v17e7] [ 2699 | [ 225
= Professor#i%

1 School of Computer Science,Fudan University, S B0

Question Answering Natural Language Processing Question Answering System Information Retrieval Computer Application

Chinese Information Processing Query Expansion Maximum Entropy Model

|#a Research Interests

@ Question Answering Natural Language Processing
@ Information Retrieval Question Answering System
@ Chinese Information Processing

1997 2000 2005 2010 2015 2018

F

WEH, B HRZEHEIBABOR R #0%, hE T CE BB, (hofE B 2k)
e, TEVFEH AP UEEEARERLZ G, PEANTERY 2 BRI S B L L5

EE AP

ol

UE T TR B RS HAAE S, R UE B IBES T, 2005 FEE 2010 4
4 2 T SRR 7, M2 RE AN TR . HARES A ERE BRI EPRFEAR S
IJCAI. ACL. SIGIR., WWW. EMNLP., COLING. CIKM. WSDM H{EFfEFZ&E 42 i .
BIRE T, LB S5 . 7F SIGIR. ACL. ICML. IJCAI. AAAI. NIPS. CIKM. ISWC.
EMNLP. WSDM Al COLING % Z AN [HFrE AR BRI FK FEBIER ACM 2
+. ACL &2 iR,

WS A W R 2009 H£7E EMNLP LR 3ERK “Phrase dependency parsing for
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opinion mining” & T —F = i FG P2 IR 20 S W AR TR, XA OT R S L2 I E
S5 R IRB FRFE . B ILFRIE M ENTZ I8 SC R, T8I 2 Fh™ ah 1R AL A 2 R 18 UL 4%
FURF RSN T RE AR E AT IS, KA SRR il A ™ F 2R E 200, AR5 eI 1%
RS DLSRIRG™ il RFAE AR LA Z 1A Ok R, e S0 Al 3R W24 AR 55 T DA 28 T b 77
1% PR R T M RV AR AT

2.3. HHREE

FIR BTG T LA AR AT AL AN N B A, B R SR 2 RS EASE, &
BUeAT 2 a4 AL 2 BEVE R S R 1 o 1 SCER A 5 H 2 17 RENE K AN 1R 11 R R P 5 o —
NG B RIS R AS R R B 0 B R e 18] ) A2 B L3R R H
BROIEARRILE (BFNAEBES ). SEILES CHFRASEARR TS R ATRER) UL

IR il A5
i HhER VIR MILZH
én @ o0

2

Fo)e

o
HhE

B 15 BXEMHERRIE

B SRR WA AR, BTSN PR, DLEC. ARG S A 5 AR
T SCER A SRR RIE TN RREU LT E ., SMBsISE, WK 15 Pis.

5

FRrAE B AR E S 2 — M RDF/OWL %4 S0 8 SPARQL i s (endpoint). 4hi
P8RV SCHE A AR R B AT SR, /RS SR AR (0 WordNet) . IR 5t
AR (Bl Cyed SR SANR (B8 R 51%) &

\g

'~

il

FiAb P 3 EEALHE G N RR PR AT TR P AN 5 S8 BRI A o V8 Ve 1 22 T DR A\ 5t
B, 5HAXAAR, MREER ST ROF/OWL i E 8, HERL.

S 60 BRI HE 85 40 N TE B AN B 9 5 T o AR PR UCECXS R AASE], DLEL— R4 N AR T AD
FNS FTUCHE 5 77 TH o SCASFILLTE FE & R I VC S 10 fe ik 7 v, KRBT /0 AP Fh Ay, 31
FFH (Un Leven-shtein ZmAEEE ). FEF iR (B0 Jaccard %0 WRET (FlUN soft
TF-IDF) FI%: T3 ) (4141 WordNet)

TEVCHC AL b, iR @A — R i o A AR A B0 A5 B ARV A R R il B2 v
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S, FEXFHREAT RS 5 9F, SRATEM D BMa R, 15 LERR D51,
—E AT AR

2.3.1. A4RPLED

PF B R A D KR, AR BCRBCR R . BUA K 2 BRI UL BE U5 AR B 1 2
X EIAAA s (E 2 ROx UG BE 75 32 AE R I UL FE 22 AN AR I 2077 A — S (), 5 3 22 1 ) LR AT
BRI RNERDE THRAFAEM R . LPHIM J&— M2 ORI T, e EILRC 2 A
AR [R] I ORAE 25 52 4 R i IO

BEE 2B S MIRER KR, BiES AMEILE AN EEE L NME . B TFESAHE, B
T 5 AR G e AH 45— AR AR DG TE B A PR A, 495 3 A 52 i SCAS AR 1 B A v b 1 o A AR
P TAEEHE: EAFG FIXGE 32 Bk,

2.3.2. SEf|ULAE

AR T 2 3] S NHLIME T332 H Al S UL B A BIE T A o IX e T3 S R A
AT BN N AR RERAG e i BdE, TS v UL BC A 2 (1 PERE

W& R I BOREE R UL 5 BRIE S BSOS, —Sii A
SUTFARE T WU A ROR B 10 R824 S BOR, R SR o0 R S BE ol IR 4 = 18] o (1 5
B e CEl A 2T ERoR ), FFAE AR B b &y FnR R 1) 3 5 BT TR S T A RCR .

TR, RACSE SIS 2B R, AT SCER R s T s AL ST BT O ET  Bl)
Ao ALEX 52—l R T SR 0 A 200 25 SR R Bk 3 vy SE B UL FE B R R 58, RS
VCECHRAE —ANIRES, B SRR ouAT 3l I e KA S 2 AT D 22 il 250 SRS

2.3.3. JiREE AT NS

1 HY knowledge integration. knowledge linking. knowledge fusion. semantic integration
heterogeneous knowledge. ontology matching. ontology alignment. linked data. linked-data.
linked open data, instance matching, instance mapping, ontology mapping, entity matching,
schema matching %51 /F AR LA s oc ], 2R 2 PR fef ik 22 3 e UONZAI
N4 S B IR AT G b, IR HAZ U AR ER AN A e AT, L 16,
17 ffr7:
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United States
China

Germany

United Kingdorn
France

] Italy
Canada

Netherdands
Austria

Japan

a 100 200 300 400 500 GO0 700 aon aon

B 17 MR &S RN B FE S B 5T

Hy UA_E P PR R, B B A, A 0 24 2 AP 0 R R i o S R 44 2 2 A 0 A1 A G
LeAGSEM, WIRZ, KM, FRMEENRZ . FIERAT S, RERIZOE A E
BRAEFREZR, SNAEREZREPOMERERE, EE PE . SCE S E R RE X
Z, HAE RN

X RF B 3R 2% A 0 R ] e iR ik AR 2 3 43 AR HEAT 0 AT 5 25 ) v LY L P 2R o 4 3
muaEFE AR, WE 18 fin:

E 18 MiRFE ISP EMAFESHE
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i ] R R 5 R 44 A N B D S 2 e S R O AR I i 22 1 LU R R R
HOIX, Mgk

X R R R 44 2 AT TR ST, e A e i 2 U AT I A, AR L
19 ffr7:

@B oifference Value (il 'n @ Out

-179 194
Germany 65 67
N - -57 46
United Kingdom -39 46
-30 o — 23
Netherlands -27 — )/

Switzerland

Ireland 49 %
st 17 e—— 0
ustria -14 S 16
1 e 5
South Korea g
E
-8 ———7
7

Singapore i
-6 -G
7

Sweden

Spain
-200 -100 o 100 200

19 AR & U & B2 F H TR
B B R A U A i R S ) R 2 e O A, SR N R U R R
ZIEZR, HHERSIEERE G, RS ZOEm A2 ERARRZ HER, 1EEH.
H R B S R B S S e B X, R SR RN BN TR KR
BRI HEMA A ERKLR
MRHE h-index X FITH & ST A B RN 44 22 B BEAT 70T, e A 4] H 543 h-index 7347 14,

T 20 f s

200

169
150
112
93
100
50 I 40 29
O B =
<10 10~20 20~40 40~60 > 60

20 HINEE & S £ IK B FFE h-index 7 E

MR G815 8 b b B e SR AT &, ARl A4 2E # h-index 40 A FEAN T, KEE4>
22 h-index ZF A TR T X35, H P h-index 76 <<10 X [i]Fl1 20~40 [X [8] {125 % & 5

%, h-index>60 KT Hriddie /b, tobal W, JniR R & Sk 2 i 70 i 2 2 FR UK

PR T ARG FIE, AMiner I8 BOZATHEA [7] 55 ) S0 7 2235 (5 o 2, kb
Aorsela.
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[ ] Renée J. Miller

Renée J. Miller
H a1 | [ 79s0] Bl 3889 [ oses | [ 142 |

& Professor

1 Department of Computer Science,University of Toronto

Data Integrity Data Exchange Integrity Constraint Data Source Xml Schema Information System Information Integration

Linked Data

|#a Research Interests

@ Data Integrity Integrity Constraint @ Data Exchange Data Source
@ Xml Schema
1966 1970 1980 1990 2000 2010 2016

Renée J. Miller, NSERC @MV B BE RIS N 254015 N . 2462 KT EVIRI 2 E80%, £H
RACK I, 3R R E PRl KRB R 4 2 T

Renée J. Miller H 2000 45 /& KR B AR OGO, B 70 o B0 A0 e . Ailah &,
PR AR BRI =255 ), R {E 2011 4 ACM SIGMOD i8I, 7EXdE#ES
S GEREVESISEE R 2, R RIS G AR AT 3. 2003 4F ICDT B[R 22 . ACM
RLERINEGRE .,

Renée J. Miller AR T 2003 4E7E ICDT A EN “Data Exchange: Semantics
and Query Answering” %5 T —AMREGE, X FPRUTE AT T 7] Bl k7 Z2 10 8 A 22 1) AT
A5 JHC T M0 5 o 1) R 1) T AR R T R v R 1o 5 P (YRR R A 1 T R A g ) R AR TR TV
WICHE TS T AEIXFME LN v SR L 2 SR TSR 2 e, I 38 I A RV 138 R R T 56 Pl
EATRA T AR A W I SR LB 58, 0 AT IR e 1 B S v SORH % 10 it B2k DA R AE 3
AT P B W R, 4 2E R TN AT O A4 1 B S

(] Felix Naumann

Felix Naumann

A 30 | W 4408] B 4510 [3414) [ 9% |
& Dean of Studies / Studiendekan Digital Engineering Fakultat University of Potsdam

il Hasso Plattner Institute

Data Integration Data Fusion Data Mining Duplicate Detection Data Integrity  Linked Data Data Quality
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|#a Research Interests

@ Data Integration Data Fusion @ Data Mining Duplicate Detection
@ Data Integrity

2002 2005 2010 2015 2016

Felix Naumann, &M% R RN 7 TP (Hasso-Plattner-Institut fiir Digital
Engineering gGmbH,HPD &% . )& T AL KRS/ HPL, & IT S5k i 4[5 K 2 5
. Felix Naumann 2807 TR AL, FEERGHESL, EEFEHURF 2 H08E B
BREN.

Felix Naumann FRJAF 7000 o5 2008 4248 ol se 560 . ARl 55577 17, 2005 4 i 5 07T
R KGR . B E QCRI Vi 1) B i B2 5K . 2012 4F EDBT s 1% . 2017 £ VLDB 47k
W& £ 2018 4F VLDB Fl E9mEIR% . 2 0BT BRI Y R, f5 224 3RE
2008 4F IEEE fI 45 # 25 — 4 .2013 4F USEWOD £ 18 3% . 2014 4 PROFILES 1 KnowLOD
BT 2 i IR S0 2014 4 CIKM S 252 A0 SO S8 2800 o PR A U N S U 72, Felix
Naumann %3k ACM <+ . Gl & 552,

Felix Naumann /55| F 8 3CA2& 2005 G4 ICDE ERFERN “Schema Matching Using
Duplicates” &7~ 7 M F #3488 52 T A7 AE 2K 5 2R 7 UL RE iR J 1%, 8 s b 4l 1 5502
RERS I I LU A i s I B AR A () JE M, i B e L& UE SR 1 %07 VA A R .

®  Roberto Navigli

Roberto Navigli
[N 5o | [ vas] Eass] (B 7] (7 |

& associate professor

1 Department of Computer Science at the Sapienza University of Rome

Artificial Intellig S i Natural Language Processing Word Sense Disambiguation Research Community Semantic Web

Semantic Metwork Graph Connectivity

|da Research Interests

@ Artificial Intelligence Semantic Networks
® Natural Language Processing Word Sense Disambiguation
@ Research Community
2002 2004 2006 2008 2010 2012 2014 2015

Roberto Navigli 7& %' & K 2= THE LR RIHEL, 18 5 1HE SR = M, 2 ELEXIS
Sapienza I TRV A, CINI N LR GEFMERE RS E KL ENIEFRRZASHA, [FRZ
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BRI N ECAS 2 R 3RAF BN A ST B2 2 (ERC) WU E S RN RZ —.

Roberto Navigli/2BabelNet[#] )45 A\ , BabelNet/& fx A 1= i & 2 5 5 A B i 5HLE
B 120134 fE ACM b K R I 18 ST & 51 18 3L “ BabelNet: The automatic construction,
evaluation and application of a wide-coverage multilingual semantic network” , & T ¥
BabelNetf] H 217775, —AMEMET 2K 20 515 U4 . 1% 4 58 i A WordNetFl 4 &
BHR RS EES BRAR, B E R, tAh, PSRRI T EERAIES T
AR BB AL B A BLAT B0 AR AE S 2 BB AT IO SRR B 11X — BRI A0 s i i S

7+ (Jian Su)
T 0 | ox B o || o |

= Department Head

1 Institute for Infocomm Research

Hidden Markov Model Bioinformatics ~ Parse Tree Machine Learning Noun Phrase  Coreference Resolution Training Data

Relation Extraction

|#a Research Interests

@ Hidden Markov Model Bioinformatics @ Parse Tree Machine Learning
@ Noun Phrase
1995 2000 2005 2010 2014

Tider, K AR# % % 5% . BIRC HARIE SABEER] 1% . B4 T1F, SIGDAT &
F SR B4, 2018-2020 4 ACL WK/ AR AT EEH SR .

TSI FUIR S NLAS 5 20 o A5 B4R 15T, SORIZHE. PMLEERIEE. BB S A
S50, 2012 SERTE PG R AEME R, UE ACL ZEERSI. MTIgME SRR,
2015-2016 4 EMNLP T H 3% . 2010 4E. 2011 ££. 2012 4£43 5 #E COLING. IJCAI K% 3
B, Bk A, ihik34s 2000 £ CONLL SEEM ARG % . 2004 4 CONLING el

P22 S 2L

I3 2002 R FRAE ACL _E 15 51 -8 3C “ Named entity recognition using an HMM-based
chunk tagger” $&H T —FhEa S /R BRI —Fp B T2 B AR 28, RGEET Bk AY
RERS A UMk NER [0, HAYERE W] BAL TAR(T HABNL 259 2] KRG
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[ ] Jérome Euzenat

Jérébme Euzenat

2 38 | ¥ 30.82] 5 20.37] B3N 10881] [ 172

& Senior research scientist

I INRIA Grenoble Rhone-Alpes & Laboratoire d'informatique de Grenoble

Semantic Web Ontology Alignment Ontology Matching Knowledge Representation Ontologies

Rdf Knowledge Base

|aa Research Interests

@ Semantic Web Ontology Alignment @ Ontology Matching
Knowledge Representation @ Ontologies

—

1991 1995 2000 2005 2010 2014

Jérome Euzenat, ¥2:[E [ K iFHEAUR S 586058 0 (NIRIA) FAERF R, S5/0%n
P (EXMO) IR, A TR RS (ECCAD &+, T EHF AR H5E
NHERE R . AARIUER LS,

Jérome Euzenat & 2 IRKHHAT [H FRif LK 4y (ISWC) AARVCAL E BRI OAEL 1) fit 5t
N, A Al Pavel Shvaiko T~ 2007 A I (Ontology Matching) — 15 RGtE A 4H 1 A4 T
FeEe A, 515 FHEZE 3200 RIK, CERCNARMRTE U AT 54

24. FREEERMHEETE

2.4.1. HIRHER

SRR HEZE 45 R AR o0V TS 1 T ) SR BRI 2 ) PR 9% 2% o R B HE R mT LU Oy
TS RS T e vH AR 2 N TR BERIBT T, 2475 i HERL — R 5 T 20 it
W CprigR 2 e g ) BE S SUE IR (RIS g ). TS 1
FHEEE AT DA > S AR R0 P A L i 10 SR 8] 5 2%, mT P S S R R B X R
BEAT IR BRI P SRAGIN o T GETH R 75— AR SR R AL S Uik, RNE I g A M RR
T 27 31 B 0 SEAAR TR 5% R o FRHE AR RN TS o BB AR AT, iR 38 R
RN BER TN 5 RR A 45

(1) ETHRSHHFTRRER

T 2% 2 MBI BOR MR RE : BNLIAET T B AT R DAL AN
0 5 4R T A A HHE B I 1) 25, 3 P 0 SN R SR (L 3755, IR O

J
Z
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o WTFRIEESECIIES, L RDFS. OWL EL, LB FHIETH A D ZHIE T
T AAKHERE R

T o0 A0 R B R AU HERR . T 79 A1 SR AT AT B (0 A 2R 5 PR, XA
TIERH 2 WU AR R LB RHE R, 1R 2 TAERET MapReduce HUJFFUESEILTHHZH T
RIEAAR R T8, H i B I — N 2212 Urbani 55 A\ 7E 2010 F A0 4 R 4t
WebPIE, 7E KR En] LL5E ik b F A2 RDF = o4l (4R, FFH MapReduce K528 OWL
EL A& (42 50AIE W] MapReduce 3 A [FIAE AT LA R K FUBE) OWL EL A HERR JEAE J5
G:TAEpE— 0 R, IS HERE o] DAYE 2 AN HAT T3P 6 58 B

(2) BEEmn

BT RoR S T3 AR SRR 3] BAE TR AR PSSR 5 R R g0 =
RGeS ry A [a], DAZ e A BV AL TR SCRFIE o b S A 5 5% B/ AE % ) B 2 [A) v K 70
AR, AT AHEWT H SEAR AN S 2 T8 R R R &R

BT ERIAFAE 77 15 « BT PRURFAE 10 77 35 A 8y AN R0 PR 1 e B P 1 Sk 00 4 4 i
PRI AT BEAFAE AR R B IL (SRR D Biltn, ARFEPISLAA “ ki A “m307 £251R K
T P (10 BB A TT LA H A AT 2 TR KR B “HCAE T SRR

(3) EABMWTE

FTILP R IEGN TR BT ILP MG AR 2 S R AR St 1 ARG A 43
. Jens Lehmann “53 ] [ R RS AL SR 22 31 ALC HIRES € LA P TE, JRAEJa 8 AR
HORE IR T e B AR B R R R R b AR SEHAE A A %2 5] TR DL-Learner 113
B, IF BAETAE PR R0y R, ¥ R BHEZLR BT AR e PR A 4R T 45 5 T

BT SRR 2 8 PR YA G0 73 « R P 18 9] i e ERL 1 82 77 4k DA ST ] i SORAHBURE 27
STAA AR R A B A AR 02 A5 2 45 RN A #2308 S 3 B8 22 198 30 XA e R I U #2905
AT T, FSRFH 0 B 1 21— LB FOR I 0 B0 1, R IR M IHEAE
P A 1 SR IT IS R

FeFHLas A S MR 57 B SRR SRR 2 20 50 A 0 SCAMEL 3k B e it 14
JRELPEIEERAE R, IR AR . MR, AT R R AR AR

2.4.2. MR EAE#

FIREWE CLE (Graph) 77 SORFEILSEAR . SHAF L Z IR R RIRERE A&
TIRIF TE QAT BE T R R A7 fif 5 SRR X AR P 30 P A 2 B, ST R R 3 R
AW
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(1) BETFRABIEEAIL ROF FIE 752

=53 RGBT 4EY —K B R =JuH R kS8 RDF £l . Xk = cHRGE
=50, G RAERE AR EEAEAE (B A BRIV . G REEEIH RN
SPARQL i}, X4 R4 SPARQL &l 4k v SQL A ifl . 2R 54 Firf3 SQL & if, iX
e 2 G0l 1 0 = e H R AT 2 Ik B IE R LS B R A

KA R RR G T A — > RDF L4 (subject) Fom NEHRERPH—1T. &
H ¥ 5135 % RDF 200 484 BT 1@ 1k o IR ) SIS ) S A 7E T T 5, [RIBTAR 2 5
[e 255 T i) S B R AR S PR &, BRRE W AF sk st AR E A H—,
RPAEREMS; L=, ROWHEIERE; L=, AKPAEAAEZEIERRE, HY, %
B8 1A A AT RE AT RAR K 10 5T A

JEMER: NPREAK B B AE RS, Jena M1 Oracle 7E LK K = o2l R 2 AME L HFI FH B
PER AT RDF 2458 # . BART 5, Jena 381 B2 1 77 20K — L8R = n R K5 — e,
RIG¥ R — N REN =l S — B ik E R b AT B, A7 F s R R 2y
REJEMF: M Oracle | RDF 5§ AU Bk = e kAT 7028, MHIRIZE I = o478 3
[F—skgedr, XM REIER W NG KBIEE.

3 B W) 20 S - SW-Store $2 1 1% RDF $dfs #2183 1] CBJE 1) 70 H st TR 10 75 1%
HAKIM 5, SW-Store 4 RDF = ol # I8 w (SR MAESMAFRKE, FFkERER
e R (g EAHFER =04 . SW-Store FRIXFh 72 A2 H4r .

ARG HENE 7] B =2 R AT BB AET H R RBLZ . T R T B =8 R AR
MAEWAE, HEl— Myl vl 1772 “2% 5] (exhaustive indexing)” HEHE .

(2) ETEHERIR RDF BiEAAEE

RDF ${4#8 it B 70 w] DL £ K B E 1A 47 RDF $0df (038 UE B, A AT XHE UE B
). EXFELL T, SPARQL Aist o] A NTE RDF i & it 47 F L iz H . +E
UG g I8 52 PO P rp — /N LU R SR 1) L. L () B SUHE T4 i — A 208 R — A ify
B, s FrE S AR E T RS AALE . GX A )8 IR A& AN NP A X
RDF #(#if) SPARQL &I C4H — ik T REMMERNLTE RS, W gStore.
TurboHOM++. ‘BT T#R & FI FH RDF i B 4 sk M & 5l

2.4.3. MIREHSHEEATNSA

1B HY knowledge management. knowledge storage. knowledge storing. graph database. triple
store. knowledge query. knowledge graph query. knowledge validation. knowledge evaluation.

knowledge conflict. knowledge consistency. ontology evaluation. ontology refinement. description
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logic.rule extraction.rule learning. knowledge inference . knowledge reasoning. patterning learning.
reasoner 55 1A /E N R1 IR 2 ) 5 HES ATEOCHE 1], IR 2 B R TR BT I 27 35 8 SR Ik
WA IR AT G b, IRASH HZ SRR A e A, i 21, &
22 PioR:

B 21 MIREHSHEBEAUEESKRAZFEDHE

7B3

e

E 22 MREHSHEAESKAZFES BRI

H DAL BRI R, e BRVG R Y, 755 45 38 2 11 0 0 TR A ) - B R 44 2 S TR o A
FERRHN S AESEHN, IR, KEEM . BERMBONEE = o 25 1% ST ge vt 56 [ & % U
FHEBRAETNER, SN EREZEPIMAERET, EE. PE., SEFE K EE
BIRZ, HAEF AL D .

B 23 MIREHSHEBEAEPEMNZFESHE
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XFRF B bR 2 A 0 B R ) 5 HE B AT S 3 A HEAT 20 AT » 2 o N A R A
W5 HERL AU 4 A AT, i 23 FR .

Hy AT, A R R R R U 44 2 N, SRS E AR AR IX L IR
2Pl TR X DA SR X I 0 A, BRI AN 5

X RN B0 5 HE R A N 42 S AT R T, BRI A S BN IR RE R,
RIS 24 BT

@B oifference value [l 'n @ Out

) -249
China

262
-120 100
-91
Urited Kingdom

- 83
-61 — 53
Canada 4| —_— ]
3 40—
Austria -29 30
) 27 27
India -25 22
. 2 = 20
Mexico -22 = 20
. 19— )
Switzerland 18 we——2 ()
< 18— 18
pain 17 S— 18
10 e 12
Israel 12— 12
. =g 12
Belgium 11
r T T
-300 -200

T T 1
-100 0 100 200 300

24 FIRFR SHIBGE & BB FHTHEE
Hy b BRI, 2% [ R R ) S R U 44 2 R S S RO 2 S RO A, i
FEBRMIE 2K 7 Al S A [E L FEE L S 5 R KA E R, RER 2Rz R
RZMEK, HRZIURFALFEERARRLZ WEK, PEAZEERAERNRAER, B
R 2B 8 R R .

R4 h-index X AR 27 1) 5 4k BE AT 4 BR A0 42 2238 HEAT 0, AL 22 h-index
AR, WA 25 s

400
294
300
200 164 167
- I I . n
) _ L
<10 10~20 20~40 40~60 > 60

& 25 ZNRE G SR MY £ TR Z FE h-index 77 [E

WRIE S5 B N EREE Bon vl 40, FHREh & U244 h-index /0AF R & 75451,
KHEB4y 2234 h-index ) A EFEAARI) H R X3, H A h-index <10 X [A|EERE, N T%#¥
PRHERI) 10~20 X [H]. 20~40 X8 ZEFHBEFZA K, h-index>60 TS24 5 & /D,

TSR] L, ROARE ) S HE R U TR 2438 5 R4 S48 TR R BURIE R BE TT R A AR O 22
iEES
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®  Frank Wolter

Frank Wolter
T 6o | ¥ 5428 53023 [ 104e0| [ 183 |
= Professor

i Department of Computer Science,University of Liverpoo
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0 Social Metwork @ Information Retrieval

2002 2004 2008 2008 2010 2012 2014 2015
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Spyros Kotoulas

Spyros Kotoulas

[l 20 | [N eess| [EY 517 | [ 10e0| [ 90 |

Linked Data Reasoning Data Integration

s Research Interests

@ Semantic Web Scalability
@ Web-scale Knowledge Representation Distributed Databases
@ International Workshop

——

2005 2006 2008 2010 2012 2014

2.6.2. Bl XN
1 5 R B T 8 50 5 R e i AT RS 1850 s

* 2 MIREESIRERHitx

J

W H

Distant supervision for relation extraction without labeled data
Mike Mintz, Steven Bills, Rion Snow, and Dan Jurafsky. ACL/IJCNLP,2009.

You are where you tweet: a content-based approach to geo-locating twitter users
Zhiyuan Cheng, James Caverlee, and Kyumin Lee.CIKM,2010.

YAGO?2: a spatially and temporally enhanced knowledge base from wikipedia
Johannes Hoffart, Fabian M. Suchanek, Klaus Berberich, and Gerhard Weikum.IJCAI,2013.

Knowledge vault: a web-scale approach to probabilistic knowledge fusion
Xin Dong 0001, Evgeniy Gabrilovich, Geremy Heitz, Wilko Horn, Ni Lao, Kevin Murphy, Thomas
Strohmann, Shaohua Sun, and Wei Zhang. KDD,2014.

Robust disambiguation of named entities in text

Semantic Web Scalability Web-scale Knowledge Representation Distributed Databases International Workshop

Johannes Hoffart, Mohamed Amir Yosef, Ilaria Bordino, Hagen Fiirstenau, Manfred Pinkal, Marc Spaniol,

Bilyana Taneva, Stefan Thater, and Gerhard Weikum.EMNLP,2011.

BabelNet: building a very large multilingual semantic network
Roberto Navigli, and Simone Paolo Ponzetto.ACL,2010.

Driving with knowledge from the physical world
Jing Yuan, Yu Zheng, Xing Xie, and Guangzhong Sun.KDD,2011.

Open domain event extraction from twitter
Alan Ritter, Mausam, Oren Etzioni, and Sam Clark.KDD,2012.

Sentiment analysis of blogs by combining lexical knowledge with text classification
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Prem Melville, Wojciech Gryc, and Richard D. Lawrence. KDD,2009.

Open information extraction: the second generation

10 Etzioni, Oren and Fader, Anthony and Christensen, Janara and Soderland, Stephen and Mausam, Mausam.

1IJCAL 2011

2.7. SWUETNH

AR N TR REMIR TJCAL. CIKM. ACL. AAAIL. ISWC TiZ2 AR ERiE 3 4F
(2016-2018) FiAAHIFRIEWR . 22 FE BT A, S0 EB. EEP 7 W55
P Ak ) 32 A R R, o T B 0 IR PR AT K 3R 2248 0 . 2R AT R B

2.7.1. IICAI XTI
iR DCAL 2 VORI 3 AR R B WU AR L A5 4 8, L IICAT AR
WA IR S I
® 2018 AL
From Conjunctive Queries to Instance Queries in Ontology-Mediated Querying
MRV 8 255 25 9 ) B 5 2 ) 1) S 1) £
WIAEF: Cristina Feier, Carsten Lutz, Frank Wolter

W E . F T ALC MRIA R RS S AN FER (OMQ), WFHITSLH
#if) Q) FIAKAFEN (OMQ) AT EH G, 45 FALHE X 5 RS B FFAE LA S Tk
SE T EL G R PR AR IR . BATTIE XS PR E 45 E MMSNP &) (#A) 1% Ui: monadic #THL
Datalog F2/7* [P 78) 2 75 S5 [F] T 2 AR A2 o AL AR 5% ) RS HE 0 A% (1 R 2R PE L0

AL https://www.ijcai.org/proceedings/2018/0250.pdf

® 2017 RN
Foundations of Declarative Data Analysis Using Limit Datalog Programs
sk T PR A 800 10 SR A P 3R AT P B Ak 080 20 F) B A

WX AE#: Mark Kaminski, Bernardo Cuenca Graul, Egor V. Kostylev, Boris Motik, Ian

Horrocks

WO 2 BYEEAR M B IR &, FATTIESE T DatalogZ, — AN A 840z B
BEMSEbREdE 1 3 (positive Datalog) M4 fE. X—iEF AN HIER, KA
H TN B (fragment) . 7E limit DatalogZ HiE G # A B DR KRB/ . SR BUE, RUIF
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AT W] 5220 5 (fact entailment ) 52 45 5 H 1) 58 % ConexpTime (4 52 4% 1% i) 58 % Conp.
AL, EAMEAR E T SR B B M50 % 2 ExpTime A1 PTime. %%, ATUEBFRE K
DatalogZ HEfRILIRZ A M KIEE T ESS, BIUEIEATRIBEE R s 25 B R SR R
FTF T R SEH AR

AL https://www.ijcai.org/proceedings/2017/0156.pdf
® 2017 fFEHRIB L

BabelNet: The automatic construction, evaluation and application of a wide-coverage

multilingual semantic network
BabelNet: | 27 i 1) 21 5 10 XM ESH H SR8, 105 RIS
X 1E#: Roberto Navigli. Simone Paolo Ponzetto

WAL FRAVEARR IR H T BabelNet, —ME & Z R Z1E S 1E X% . 1%
W25 A WordNet AI4ESE P B b B S v 5 | BFaRRHR, @ Bedi. shah, HLasEl
BB TR A i S RNCAS 2 B JA TR AN ELA b e B 2R B HEAT 1) S 96 E
WY 13X — B YR A e o i R Y

WICHLAE: http://www.aclweb.org/anthology/P10-1023

YAGO2: A spatially and temporally enhanced knowledge base from Wikipedia

YAGO2: R 4EHE 7 B2 (5] AT T) 5 55 1) R e

WX AE#: Gerhard Weikum. Johannes Hoffart. Fabian M. Suchanek. Klaus Berberich

WO EL: AR T YAGO2——. YAGO FIRFEMY &, ZFREF Sk, M
A A HES TR) A2 [R] P HES1 . YAGO2 M4ESE EHFH. GeoNames 1 WordNet 1 H 214
MEG MEE T 980 JiSEAKR 4.47 (LF. AR AN 95% M FRFmEL. fEAR®R
S, RATREOR T U R ISR RS, DUIRATR AR RAE SPOTL (JFIRI =&
— SPO FERIFEI 2% B4 RO -

B ICHLE:  https://www.sciencedirect.com/science/article/pii/S0004370212000719
® 2016 FEMHZEAERL
Using Task Features for Zero-Shot Knowledge Transfer in Lifelong Learning
FE 2% 5 % 2 i AT S5 R Zero-Shot £NIRIT %
WX AE#: David Isele, Eric Eaton, Mohammad Rostami
VB SR AT 55 18] ) 0 R A% 7T DA 2 ST (R 3R B, {EL 75 AT 55 () 5% R IR HERA PFPAS
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MU 50 5 BT 8 AR SRR TR o S AT 55 8] 1) 5% F — SO 58 T4 ME 55 I I R 8l T gk 47 o
B, BATTHE LA B0 il 2 2 RN IR AT 55 O BRI 4 5 5 2] WoE o et . A
TR A, FRATIE TR S #1232 3] (coupled dictionary learning) ¥R T — N4 B gk 3
Tk e FA A B2 SR s JE AR S WA TE (descriptors) A 9F 3] TALSS 2 KRR . AW
S5, AR S5 Rl 7 e 00 2 ) B AR 55 S0 i Ve Re . BEARAE 1 RATTTT VA 2 AL 1Y
FARIEN], XSEUERIR 1 AE— RAShaS42 ) 0 8L BEE . 78 R g /8 55— NS5 i L
T, XG2S BAHANSE T zero-shot learning 5 F #5 & 1] gL MERf FIINIAT 45 5, AH TR
TEAE SR RAT 55 2 HT RS IR I R0 1 .

WICHLbE:  https:/www.ijcai.org/Proceedings/16/Papers/232.pdf
® 2018 EMHMSH

2018 4 TICAT AR5 22 i Craig A. Knoblock 3815 .

Craig A. Knoblock
I 69 | [N 9545 B 7285 [ 17600 | [ 369 |

&= Research Director

1 Information Sciences Institute,University of Southern California

Information Integration Information Extraction World Wide Web Information Retrieval Machine Learning Web Service Planning

Data Mining

|#a Research Interests

@ Information Integration Information Extraction @ World Wide Web
Information Retrieval @ Machine Learning
J— M
1987 1990 1995 2000 2005 2010 2014

Craig A. Knoblock, TR MMM K205 EEMSAAE SR (USC) $ATEAE, FHEAEIHS
2= (A B TR, IST AR B h O B R EAE A B2 K| 2 4E . AAAT &+, ACM
24, 1IICAI FiEEEHZITAN.

Craig A. Knoblock FIWF 7L = T3 BAE R (5 B HE. (5 B KR . HiR SRIBOA FH Hods
VB AR EETT ) o LR G AR L REAIA AR | SEARFIC SRR . B BTG AL . AN Web
FERUHR UL 2 & IR B DI e S R B S T T T R IR A AR .

2.7.2. CIKM X TiN48

W B CIKM 2 RIE 3 FRREE OGRS, S2E L, JLE CIKM AR K
AU I

59



® 2017 FHMERT

Hike: A Hybrid Human-Machine Method for Entity Alignment in Large-Scale Knowledge

Bases
— AT ANHUME AR R0 TR P o 5 05 2
WX AE#: Yan Zhuang, Guoliang Li, Jianzhong Zhuo, Jianhua Feng

WOSCTHEE: O 7 SR IR AL & 42 b 55 R X — H b, (EE A3 T —Fh A
TRHUEE KB AR HT AR A AHUESL . B e R8T R 4G A H KB 124k hir 2
BUNABLERL, SR 5 FEIX L A) X B A — NN IDUF HFF R — A HE AR, 2R — AT 5%
P B NBET, AR AT S HEWT AT S M R Bk, 10T AR TR il fil ik
B, 4@ NIRRT B, &8 B ARSI, HEBESSE. XTI T
A E S NP MR ), R4 T SRR OR R X AN el @, ATy 1--1/e. FRATHE
SRR SE SRR R, AT VR T RE, I AR TR k.

g CHdk:  http:/dbgroup.cs.tsinghua.edu.cn/ligl/papers/CIKM2017-Hike.pdf

2.7.3. ACL 2Tif48

i B ACL 2 BURIL 3 F AR BTSSR 28 3, A8 % 5, I8 ACL AR B A
ARSI T

® 2018 FERAEK LY

Learning to Ask Good Questions: Ranking Clarification Questions using Neural Expected

Value of Perfect Information
S ST ) G ) e S T 5 A A SN BB il 1] ) R
WX AE#: Sudha Rao, Hal Daumé III

W SRl () — KIEARZ R, QR A FIE G 17 17 3, IR EA 1o
O 5 N EAE ALK T, AEF AT T — NP 28 F T 4538 i) 1 i) AR HE 44
VEZ AT L (0 )8 ACRVR T 58 415 BB L T B IR : — A wT DUIRR 3R 15 2 S8 10 )
e — N . R AR StackExchange EIHMHXEA 58 11X AN M) @, StackExchange
N NEFEERELE V6, HPha R &R LU, B0 P /8N e 1) 20
BRI IEAE A )3, DU SE A Hh 1 AR FE BB ME N o W SUEZ TR 7 — AN X FE )
B ) ) @ R B S, oA T StackExchange I askubuntu. unix. superuser iX = ~47
B2 7.7 ARG L A8 e e @ LR ) R 1R o MR ATTAE L) 500 AREA BTG T H S
PRSI, AH B A HE RS A (B 2 4 v, ANl Al T8 5 A3 SR AT AT T XS EE .
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P CHE:  https://arxiv.org/abs/1805.04655
® 2017 FL YR
2017 5F ACL % 5 st 22t Barbara J. Grosz 315 .

Barbara J. Grosz

W 4099 [ 1399 [ 18021 [ 156 |
= Professor
I Harvard University

Multi Agent System Natural Language Collaboration Computer Agent Natural Language Interface Satisfiability

Artificial Intelligent Computational Linguistics

|#a Research Interests

@ Multi Agent System Natural Language @ Natural Language Interface
Computer Agent @ Collaboration
1977 1980 1990 2000 2010 2016

KESMERZARGBEEGEE T . AAAl 2+ ACM &+,

Barbara J. Grosz IIWF LM E T 2P R Gt BHIRIE F 38 B VA WM ETS s @ mi4s: 5 1n) . 78
5 5 B A A o0 ) PR AR NS LRV E L5, b ikt BN R B A R R T N IR
B BN B E N RS R TT IR TIRATAE.

2.7.4. AAAT XTHA48

T AAAL & 3T 3 BRI AR S, AL, T AAAT SR
A S, KT
® 2017 ERHEHRIT LSRR

2017 5 AAAIL A H &t RIZR 732 Al i 22 B Thomas Eiter 3815 .

Thomas Eiter

| o140 B 13201] [ 18275 | [ 477 |

&= Professor

m Knowledge Based Systems Group,Institute of Information Systems

Answer Set Pr i Logic Pr i Model Checking Description Logic Ki ledge Repr ion Datat Theory

Probabilistic Reasoning Default Logic
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s Research Interests

@ Answer Set Programming Logic Programming @ Model Checking
Description Logic @ Knowledge Representation

1991 1995 2000 2005 2010 2016

Thomas Eiter, AT B MF|GE gy R KBRS E0%, R REW K, 3
iRk R 8, AIREV (N T BEIFE) Bl 9% . BRMAER B+, ACM £+, IEEE

=t

Thomas Eiter FIWF LM E 5 T RIAR R SHERL, THEEH ., AR, SRR, AIK
BN BRI . EFF TR Web BB SRS TREFHIRE P IHER, 2T RRM
Zofs BUi AR FL R, fER IR R SHERL, B REACEE R . AR R AR O A
JESERT T T T e TR TAE o

® 2017 “F FEIGENBAUM #

2017 £ AAAI FEIGENBAUM *.[ Yoav Shoham 375 .

Yoav Shoham

[ 57 | 312 B 1266 B 22642| [ 290 |

= Professor

it Computer Science Department,Stanford University

Game Theory  Artificial Intelligence Mechanism Design Multi Agent System Combinatorial Auction

Computer Science Nash Equilibrium Computational Complexity

|#s Research Interests

@ Game Theory Artificial Inteligence @ Mechanism Design
Multi Agent System @ Combinatorial Auction

1984 1990 1995 2000 2005 2010 2015

Yoav Shoham, ILHHHAE K EHEEHIR . AAAL &+, ACM &1, GTS &1
Yoav Shoham HIWF 500 T N TG 2R RS #2810 . LA 07 M) o 78RR E R
Z B REAR RGN S RS S N B BE R R ) SRR AR ST AT R T IR AR

® 2016 F B IREIRI
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2016 4 AAATI B /KRR ¥ Reid G. Smith $£15 .

Reid G. Smith
Al s e H o Ben B ¥
= Enterprise Content Management Director

I Marathon Qil Corporation Houston TX USA

Expert Systems  Artificial Intelligence  Knowledge Representation Knowledge Management Expert System Machine Intelligence

Problem Solving Case Study

|#a Research Interests

@ Expert Systems Artificial Intelligence
@ Knowledge Representation Knowledge Management
@ Machine Intelligence

—

1977 1980 1990 2000 2010 2013

Reid G. Smith, HUE i2k Connect & Q146 A M E AT E, & E Marathon A1 23 7] £
WA A IS FIT FATW S 45, AAAL 2+, ACM &1, AAAS &+, IEEE &1,

Reid G. Smith (BT TR E TR ES . FIURAE L, N TR AE. MLa®aE. EXRAETT
Mo the TAEZIFE, Ebr ol BT AEEN RIRE BGUR M TP eI Tk, $2m T
KRR BTS2 0

2.7.5. ISWC X4

B ISWC il 3 3R FE AR, JLE ISWC FIRERE U8 S0, 220080

ISWC 2017 ) BAFREFB R T -
AR S

N

30

°
o0
o

A Formal Framework for Comparing Linked Data Fragments
fE#: Olaf Hartig, lan Letter, Orge Pérez

WICHE 3 BRI v By (LDF) HESRAE 94— LIRS i i 55 5 SR A AN R B2 1
RV7 i RS, BANMEOHEA B R TIRRE. T8 TR AR E Btk . SRR EUE S AL
(LDFM) fERZ S RHLTAE, BRI S5 & 405 7 b 2 RE AN DI BE -

ik https:/www.aminer.cn/archive/a-formal-framework-for-comparing-linked-data-
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fragments/5a260c2817c44a4ba8a23dac

® AR
Improving Visual Relationship Detection Using Semantic Modeling of Scene Descriptions
{E# : Stephan Baier, Volker Tresp, Yunpu Ma

VB ST B R S5 A0 A 37 il i s T R B s e 1) B sl A BN 2 i 2 USRI
JE&7R T Gt il SRR AL SE AR 2R 10 2 5 G ] g P AR S 38 L S Sl AR 55 R 37
SRR A=, KA =ml X AR, EATHBE R &, If BRI
HENZIE R R,

ik https:/www.aminer.cn/archive/improving-visual-relationship-detection-using-s-

emantic-modeling-of-scene-descriptions/5a260c2el7c44a4ba8a23dda

BT 5BUF B3
o RfEifIHR
Semantic Rule-Based Equipment Diagnostic

{E%# : Gulnar Mehdi, Evgeny Kharlamov, Ognjen Savkovic, Guohui Xiao, Elem Guzel Kalayci,

Sebastian Brandt, Ian Horrocks, Mikhail Roshchin, Thomas Runkler

VB OCH B T AL 2 Wy 2 G (s T 8l . RO T %A B & I €
Rtk o IXMRASPESS N9 5 . 25 P ARG T T oKk 1B Ok BRI ERATTIR T — il X
FTE 5 sigRL, [AIA e SERG oA 46 18 1Al PR AT .

WAL
http://xueshu.baidu.com/usercenter/paper/show?paperid=8a3907ab83al4ed4c3a7314575de7d35a&

site=xueshu_se

ISWC 2016 B BAEREE I T -
BARRT ST
® K
The multiset semantics of SPARQL patterns
fE#: Renzo Angles, Claudio Gutierrez

WICHHEL: ASCHE T SPARQL %L ¥ 2 218 U ARBCRE B 454
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&30k . https://www.aminer.cn/archive/the-multiset-semantics-of-sparql-

patterns/58437725ac44360£108217a9

Unsupervised Entity Resolution on Multi-type Graphs
fE# : Linhong Zhu, Majid Ghasemi-Gol, Pedro Szekely, Aram Galstyan, Craig A. Knoblock

VB ST B S AR AT R TR AE TR B 22 A RR AR ] — DSt S SEAR R T 4
FHAESS o AR R 7 AEALE 2 PSR ALY S RDF P BT SEARREAT (R I8, AN [ 2%
R (1 SEAG) 2 T PB4 R B e A

ek https:/www.aminer.cn/archive/unsupervised-entity-resolution-on-multi-type-gra-

phs/58437789ac44360f108435f4

® AR
A Probabilistic Model for Time-Aware Entity Recommendation
fE#: Lei Zhang, Achim Rettinger, Ji Zhang

WICHE: AR, TFRM TSR SRR BRI 5S okl 2, ity 45 € i
W WO TR ZA RS RHE P SR . AR SCHR S — MR ER, Gl A A Web 1
DT AN R B D B R S A 0 e A kA, AT I T 50U 5 FEAE SEARHE A o

T8 SCH L
http://xueshu.baidu.com/usercenter/paper/show?paperid=2b236e31814471decbada55d514e6f7a&ks

ite=xueshu_se
BT 5BUF B3
& mfERK
Semantic Technologies for Data Analysis in Health Care

{EZ : Robert Piro, Ian Horrocks, Peter Hendler, Yavor Nenov, Boris Motik, Michael Rossman,

Scott Kimberly

WICHE: SEE I HMO 24 [ L [FE 24 /Rt e iy B R s I 2 45 51 . X Le i)
w2 A E HEDIS HHVE AR g SO, FRATR B SCH AR K5 HEDIS & A f R M 849 1)
WH, MmER—ATE. SEW. SR HEDIS 4.

WICHbHE: http://xueshu.baidu.com/usercenter/paper/show?paperid=a531519ade8ad22

edaa2b383e7401e01&site=xueshu_se&hitarticle=1
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ISWC 2015 K BAAIREABF I AT
BRAEFF MRS

® BEWBIXE
LOD Lab: Experiments at LOD Scale
fE%: L. Rietveld, W. Beek, S. Schlobach

ik https:/www.aminer.cn/archive/lod-lab-experiments-at-lod-

scale/5736984b6e3b12023e713efc

o REFABIX
A Flexible Framework for Understanding the Dynamics of Evolving RDF Datasets
fE3: Y. Roussakis, I. Chrysakis, K. Stefanidis, G. Flouris, Y. Starakas

WL 3, FATRE 7 —MESR, TR M AL AR BT Web EdE 030
ST L

WICHLHE: https:/www.aminer.cn/archive/a-flexible-framework-for-understanding-the-

dyna-mics-of-evolving-rdf-datasets/5736984b6e3b12023e713¢e7b

BAETWAR SBUFRC
BRI
Building and Using a Knowledge Graph to Combat Human Trafficking

fE# : Pedro Szekely, Craig Knoblock, Jason Slepicka, Chengye Yin, Andrew Philpot,
Amandeep Singh, Dipsy Kapoor, Prem Natarajan, Daniel Marcu, Kevin Knight, David Stallard,
Steve Minton, Brian Amanatullah, Todd Hughes, Mike Tamayo, David Flynt, Rachel Artiss, Shih-

Fu Chang, Tao Chen, Subessware S. Karunamoorthy

WO WRSCHR 7 — R R B (7598, R I SCEOR SR B I A R A
TeAT i EdE, ¥ BT A A e B B 12 =Jedl, JFSCFRn Bl 1A L& . 173
R IE R TAT e N DVBGE ()8, R A0 2 BN A PIEA U A LA EBURF Y, LA Btk
IR EIWGE & FF /B2 FH

ik https:/www.aminer.cn/archive/building-and-using-a-knowledge-graph-to-

combat-human-trafficking/5736984b6e3b12023e71402¢

66



3. NS

FRAR B 7 D9 3 Y R0 R B 5 U R R BTG ISR, PSS I A AR R, L (X0 3 EEAR L
FE78 1 3 5 08 05 2 o P R P T DA Gt s — A T ) 3 P 0Tk ) 485 g 1 1) 1
FARE, Hh R T ORE R I SE SR b R R IR AR, AR . AN R P S ATk K
TR P B AR P, 3 T 1) 2 R U, T R — R TR ORI AT ML RR
PRI AT W AR E, AR E R B, B Oz SRR IR L . RERAER
MHEERREK.

3.1. BEARERENE

38 FH R U T DA St R B T [ 38 P U “ SR B B R R 7, ey
TRE MBS SRR, B R Ak . TS AR A RR S 2 A HAR R A,
3 FH R P T B0 R AR R, W s A A BHdE #ET B R A B (Top-Down) (75 %
BEATHIEE . 3R 3 RN B B R0 R B A AR R

* 3 BIRMIREREREE

eS| ey

DBpedia, Yago, Freebase, BabelNet, ResearchCyc, WordNet, ConceptNet, KnowlItAll, Microsoft
JEH %Y | Probase, Microsoft ConceptGraph, & H GDM (L5 %4 CN-DBpedia), XLORE, zhishi. me,
FIREETT (SSCO)

Rt EBECE e R AR, WL mREE, BAE RIRVE R R

g hPHBEAIREE RS, PELAIREE, VoxelCloud AT B 22 A5 AR &1
BN ERE QB P E . BRIE4ES), HEaMLERE (i
e | 2, BhAY RS IR . E R, BT E b R R as ka4
il ANRZRGERR), B ZERREE GROHE TR T 2
SCOPA HIRKEW (A%, SCRIFR. REEWS), Hik GREMEH
;=)
HoAts IR T A IH AR B, 7 RO AR, ] B e A R

iRt

Hofh

= 4117 DBpedia 18 FH [ 7€ A5 2 A 43 B B b EUE BSetk, MaT#ia 127 FMiESH
FEAE T\ B 3 SEAR LUK 12 RDF =764 YAGO M3 & 43 7 R 5 WordNet K HUR A
s, A 10 MBS Y 459 HASEAE, 2400 /5/NF55; Babelnet IR A4 WordNet i 4L 5
Wikipedia 5 FHERIITTE, ME T —A B AT SR 248 5 W UE0RE, 88 271 Mk
F 1400 J5[F i) 4. 36.4 JiETE R R 3.8 {L RS R

P Zhishi.me AT BHEGE h B L8, ST oRl S 7B A AR
HEERN, e =R ERNESE, A 1000 G4 LA, —2PT /4 RDF =7t




M, DB AR L, 456 T EYULT CN-DBPedia, I A R 35k (14 41 S0 AR T 42
BUEE, Qidif. Mha . HEWSE SRR R iR R a5 AL Bt ;. XLore N 2 T S 45t
FR SJEOCERE TR AR AR BB E R K O T SRR R R

3.2, YUBAREENA

B 31 B, SRR P T P R A B 5 o 2 1R 3 A B P B SRS RE, AR
BEH N, ARSURRRE T RS MR NE TR, RSO E TR S5 B3R
AMb s AR ARBTG5 RR N S T TS 4R AR
RS B R i S S5 0 FEBR .

RO : i
[ =]

& i a0%

e s

& 31 1Tl EmR g R A

3.2.1. BTHES%

AR, BRI S MBEE R, W FA TR NS A R0 o DA T H e R R P X A
G ARG R H

el 32 s, HEAIRES DR AL, DAL B8 oA R EESL. BRI K 9
KRB G 27 REZGAM . —FAE 9 Ny B2 . ARIRL ATk5Exs .
ah i JEH L BBANERNE . N BT I T R RS B R A, HAR AR A T A TR
R RESMIR . T EEIR T b R S B, B kIR [ Y- [ A
k- K, 2 bR R ZUEEGE . HATA BT A E LRI R R
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= @ '- -

i)
eb -4 eb W=EM
Taobao.com

=D Express
fee-

32 &L Schema

R RR RS, XAER RN AN Rt 2 . TRTE S, At ik 2R
HHR SRR E R, i LA I E AR R L2 D, R R
IR 73 BT R SR SCEL R« — 70 “¥EsR 7 “IELY, “eaTh” XSS, AT
FERBNGEN R . £ PO R BUE R, R b R 7 852 2] 7 KR AT LG
X bR, PCandi i, R, IRIRSE. AN, BIbA SRR R oK~
AL SR L el At X A5 2 A R I RGR], ER BRI RUA AR AL, IS E #IAZ S
BN R, X RN A KA AT . ZEm2 W), s s A, LT HEE
TR o B, B RER R ORI 7 IR I ST S ST A R HEtn N “ g IA Bk
a7, SR HIKAR . KB BT MRS . B, R e BN %
a8 R ICTH RO R AT I SE I — AL A . AR R IR R A E B T, ORI REM A
BRHE . N TR REBHIESR A o) i e N R AR5 O 1 SR BREEHBOR4 Fn iR 8L, R
P E R G, R R R B R 5 SRR TR BEES) . RN, TR AR
B BOREOR . Sl 7 RAFAAE 2R GE . Bltn: BN AAMSEMHERL, KRS, Ei b
TALHEEAE T IRAIR R A 8], F A A R (SRR R SO AR SR IA L [RR IR A,
PR BLA PR 28 B 7 B8 P o RS e DI i 7 ], HERE 5| 58
BN R B HONIZIX I, HIRPEIls T [RGB, DA
Lo 55 i B 2 RR R 7

PN
=
%
5

3.2.2. BFE#R

P R B 2 48 SR AR S — R Al A7, DUBG AT A B B AR 1 ER G . it
RIS ER L FRRRG] . REESCRFSE RS AR, RS TATIW A AL G, R &
RIS &

P A3 5 AR B I 25 A sk A . DU 33 o KRGS A e 1 S o, SE iR
S I 45 A TR SRR TR i &SRB SRR AT S LA SN, Tl s A B IRAA T
Vst S5 IR B2 AR R IR S TE R Ll # AW BBC fEH & 4R R H AL 315%
BRBTE SCT FARAAE, R AL 9Pl as AT 32015 B2 (RDF/XML, JSON #1 XML) #EAT
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WA B S RE B R [ AP 1R A AR X R R B ROR AR o L P51
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